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Topology-matching Normalizing Flows

Real Robot Deployment

Out-of-distribution (OOD)

detection of a trustworthy

open-world robot should

be:

❖ accurate;

❖ cost-efficient;

❖ easy-to-use.

⇒
Normalizing flows (NFs).

Problem of NFs:

● hard to model distributions with complex topology.
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❖ We propose to mitigate the fundamental topological

mismatch problem in Normalizing Flows for effective

OOD detection.

❖ We achieve this with the expressive cRSB and the IB

objective. Extensive experiments demonstrate superior

performance both quantitatively and qualitatively.

❖ The resultant NF-based OOD detector is lightweight

and compatible with numerous existing object detectors.

Aerial manipulators
in the wild

Assistive robots
in the household
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